Abstract High spatial resolution of precipitation (P) and average air temperature (Tavg) datasets are ideal for determining the spatial patterns associated with large-scale atmospheric and oceanic indexes, and climate change and variability studies, however such datasets are not usually available. Those datasets are particularly important for Central America because they allow the conception of climate variability and climate change studies in a region of high climatic heterogeneity and at the same time aid the decisionmaking process at the local scale (municipalities and districts). Tavg data from stations and complementary gridded datasets at 50 km resolution were used to generate a high-resolution (5 km grid) dataset for Central America from 1970 to 1999. A highresolution P dataset was used along with the new Tavg dataset to study climate variability and a climate change application. Consistently with other studies, it was found that the 1970-1999 trends in P are generally non-significant, with the exception of a few small locations. In the case of Tavg, there were significant warming trends in most of Central America, and cooling trends in Honduras and northern Panama. When the sea surface temperature anomalies between the Tropical Pacific and the Tropical Atlantic have different (same) sign, they are a good indicator of the sign of P (Tavg) annual anomalies. Even with non-significant trends in precipitation, the significant warming trends in Tavg in most of Central America can have severe consequences in the hydrology and water availability of the region, as the warming would bring increases in evapotranspiration, drier soils and higher aridity.
Introduction
High spatial resolution of precipitation (P) and average air temperature (Tavg) datasets are ideal for determining the spatial patterns associated with large-scale atmospheric and oceanic indexes, and for supporting climate change and variability studies. Those datasets are particularly important for Central America because they allow the conception of climate variability and climate change studies in a region of high climatic heterogeneity and at the same time aid the decision-making process at the local scale (municipalities and districts). However such datasets are not usually available.
When analyzing P data through time to help guide climate change adaptation efforts in Central America, there are two extra considerations that must be noted: First, given that there is no snow to be affected by temperature changes, annual P variations are probably the key factor that controls inter-annual hydrologic variations in Central America. However, temperature could still affect variability and especially trends on sensitive hydrological variables such as runoff and soil moisture through its influence on evapotranspiration (Imbach et al. 2012; Hidalgo et al. 2013) . This is particularly true for Central America, a tropical region with high temperatures and relatively low variability throughout the year. Imbach et al. (2012) have attributed the projected drying runoff trends at the end of the century to increases in temperature that result in higher evapotranspiration losses. For this reason it is important to not only access a P dataset, but also a Tavg dataset in order to understand trends and model hydrological response resultant from those trends. Second, even if the trends in annual P are small, the distribution of rainfall at shorter time-scales could still cause significant changes in hydrological variables that would require special adaptation measures. Some studies have suggested that the frequencies of extreme (high and low) P events are increasing (Aguilar et al. 2005; IPCC 2007 ).
We present a high-resolution (5 km × 5 km) monthly Tavg dataset for Central America (1970 America ( -1999 ) constructed using the procedures described in Daly et al. (1994 Daly et al. ( , 2002 Daly et al. ( , 2008 , representing a modified version of the proprietary Parameter-elevation Regressions on Independent Slopes (PRISM) method. Along with a high-resolution P dataset obtained from other sources (see Data and Methods Section), the Tavg dataset were used in several climate variability analyses, including trends, connections with atmospheric and oceanic indexes, Rotated Empirical Orthogonal Functions (REOFs; e.g. Navarra and Simoncini 2010) , and Canonical Correlation Analysis (CCA; Alfaro 2007a Alfaro , 2007b . The high-resolution dataset was also used to produce future climate projections. These analyses could provide information to future studies regarding adaptation measures that are needed for reducing the impacts of anthropogenic climate change. Other possible uses of the Tavg dataset is for studies of detection and attribution of climate change Bonfils et al. 2008; Pierce et al. 2008; Hidalgo et al. 2009 ), statistical downscaling (Maurer and Hidalgo 2008; Maurer et al. 2010; Wood et al. 2004) , and to determine changes in runoff in observations and projections (Hidalgo et al. 2013 ).
Anthropogenic signal in certain (hydro)climatic variables has been statistically detectable above the natural variability Bnoise^starting from the 1980s (Meehl et al. 2007; Barnett et al. 2008) . This detection has been linked to (hydro)climatic processes in mid-latitudes that are sensitive to temperature, such as Tavg, snow accumulations and timing of streamflow in snow-controlled basins Pierce et al. 2008; Hidalgo et al. 2009 ). Overall, observed changes in P in mid-latitude regions show fewer locations with significant trends than the changes in temperature (Aguilar et al. 2005; Alexander et al. 2006) . Therefore, in a region like Central America where the P trends are small, the P anomalies associated with natural climatic causes are the largest contribution to the variability. The contributions of natural climatic causes to the total P variance in the inter-annual, decadal and trend components were estimated in 84 %, 14 % and 2 % in Central America respectively (Hidalgo León et al. 2015) . Understanding climate variability through time is key as adapting to climate variability is a great step forward in the adaptation to climate change (Zebiak et al. 2014) . Climate variability in the form of El Niño-Southern Oscillation (ENSO), for example, impacts many society's aspects such as agriculture and food security, water resources, health, disaster occurrences, and numerous other means (Zebiak et al. 2014) .
Performing climate variability analysis in high resolution is especially important for Central America as this region presents many climatic contrasts due to the influence of rich topographic features, and the exposure to large-scale climatic processes. The most dominant synoptic (large scale) influence in Central America is the subtropical high of the North Atlantic (Taylor and Alfaro 2005; , associated with the easterly trade winds strength. The main large-scale processes that affect climate in the region at interannual time scales are ENSO, Caribbean and Atlantic climatic processes such as the Caribbean LowLevel Jet (CLLJ; Amador 1998 Amador , 2008 or Tropical North Atlantic (TNA; climatic variations, the location of the Inter-tropical Convergence Zone (ITCZ, , the Pacific Decadal Oscillation (PDO; Mantua et al. 1997 ) and other features. Amador et al. (2006 Amador et al. ( , 2016 present a more detailed review of the main controls that affect the climate in Central America.
Data and methods

Constructing Tavg high-resolution dataset
The spatial dataset of Tavg for 1970-1999 at 5 km resolution dataset was constructed using a procedure for estimating gridded meteorological patterns using a method contained in Daly et al. (1994 Daly et al. ( , 2002 Daly et al. ( , 2008 in a process similar to PRISM (it should be mentioned that we do not claim that the method used here can be called PRISM, as that acronym is a reference to a particular software with different characteristics as the method proposed here). Using Tavg data from a set of weather stations and a coarse gridded Tavg dataset (listed in next section) near the point of interest that is being processed, the method performs weighted regressions between the station elevation from a Digital Elevation Model (DEM) and the value (monthly or daily) of the meteorological parameter. The weights are assigned according to several criteria referenced to the conditions of the point of interest and the stations. Originally, Daly et al. (2002) identified seven kinds of weights: distance (W(d)), elevation (W(z)), cluster (W(c)), vertical layer (W(l)), topographic facet (W(f)), coastal proximity ((W(p)) and effective terrain (W(e)). The weights are combined into a total weight W, in the following way (Daly et al. 2002) :
Where F d and F z are the distance and elevation weighting importance factors (set to typical values of 0.8 and 0.2 respectively). All weights and importance factors are normalized to unity individually and combined (Daly et al. 2002) . For a detailed description of the procedure used here, see Daly et al. (2002) . Parameters used in the procedure are in table S1 (Supplementary Material) . The names of the parameters in this table and throughout the article are consistent with Daly et al. (2002) nomenclature. The gridding model was used to produce Tavg at 5 km spatial resolution at monthly time scales.
Data used
NUMEROSA
The base station dataset used (NUMEROSA) was obtained from the Center for Geophysical Research (CIGEFI in Spanish) at the University of Costa Rica and it is a compilation of data for the period 1970-1999. There were 84 stations to compute the monthly Tavg patterns, some of them are shown in Figure S1 in the Supplementary Material (there were other stations in northern Colombia and southern Mexico that are not shown in this figure) . A visual inspection was performed on the data and the procedure for filling missing gaps was performed using Alfaro and Soley (2009) . The period for all datasets was set to 1970-1999 due to the considerable reduction in the number of available stations after 1999.
Maurer et al. (2009) Tavg dataset
Gridded daily and monthly Tavg data at 50 km resolution from Maurer et al. (2009) were used, along with NUMEROSA station data, as input to the modified PRISM model to generate the monthly Tavg datasets. The monthly Maurer et al. (2009) (Kalnay et al. 1996) . These data were used in order to complete the information in regions where there was limited or nonexistent station data. Although there could be the possibility of some of our stations entering the reanalysis, we think that the effect of double counting is minimum, as there are only a few individual stations compared to the contribution of gridpoints. The modified PRISM method applied here incorporated the effect of terrain on the spaces in between the coarse gridded data and the stations, providing a higher resolution version (5 × 5 km) of the meteorological parameters; however it should be recognized that the use of the coarse grid data as part of the input to the gridding model would probably smooth out the resulting patterns.
Digital elevation model (DEM)
The DEM used was the GTOPO30 data for Central America originally at a resolution of 5-arcseconds (or approximately 140 m) ( Figure S1 in the Supplementary Material). The data was linearly interpolated to the grid of the Climate Hazards Group InfraRed Precipitation with Station data (CHIRPs) to produce a common grid. The DEM was used to obtain the necessary elevations of the grid-points for the establishment of elevation-temperature regressions used in the modified PRIM method in Section 2.1.
Radiosonde data
Daily aerological radiosonde data for 1973-2013, collected at 6 a.m. local time for the Juan Santamaria International Airport in Costa Rica (station #78,762), were obtained from the CIGEFI's archives. These data were used to determine the typical height and frequency of inversion layer (i.e. the layer in which the temperature increases with altitude) for all months of the year. The inversion layer's height was used to determine the vertical layer weight (W(l) in Eq. (1) as it defines two layers of the atmosphere (boundary-layer and free-atmosphere) as shown in Figure S3 in the Supplementary Material. The particular value of this type of weight depends on whether or not the station is located in the same or in different layer as the gridpoint of interest (see Daly et al. 2002 for details). The average height for all days when an inversion layer occurred was 118 m above the elevation of the station (908 m.a.s.l.). Inversion occurred in 40 % of records and it seems to have similar frequencies for all months of the year ( Figure S2 in Supplementary Material).
Climate variability analysis
Climate variability over Central America was analyzed for the 1970-1999 period. The first part of the analyses consisted in calculating P and Tavg trends. For this calculation we used the resulting high-resolution monthly Tavg dataset from this study, along with the high-resolution monthly P dataset from CHIRPs. The CHIRPs dataset was produced at the University of California, Santa Barbara, and is a 30+ year quasi-global rainfall dataset (http://chg.geog.ucsb. edu/data/chirps/). CHIRPS incorporates 0.05°resolution satellite imagery with in-situ station data to create gridded rainfall time series for trend analysis and seasonal drought monitoring. We are using the first version of the dataset since this covers the period 1970-2004 and that allowed us to have at least 30 years of data for the analyses.
The trend analysis of P and Tavg was also done using low-resolution P and Tavg datasets to assess the robustness of the results obtained with the high-resolution datasets. For temperature, those low-resolution datasets included: 1) the Climate Anomaly Monitoring System dataset (CAMS; Fan and van den Dool 2008) , 2) the CRU version 2 temperature dataset (CRUTEMP2, Jones and Moberg 2003) , and 3) the National Center of Environmental Prediction/National Center for Atmospheric Research (NCEP/NCAR) reanalysis (Kalnay et al. 1996) . For P, 1) the NCEP/NCAR reanalysis, and 2) the Chen et al. (2002) dataset (hereinafter the CHEN dataset) were used. These data cover different periods, but all of them include the 1970-1999 period of study.
The second part was an analysis of Rotated Empirical Orthogonal Functions or REOFs and CCA. In order to decompose the variability of the P and Tavg into eigen-modes that allow interpreting the original datasets into compact principal modes of variability, we performed a REOF analysis. Rotation of EOFs is recommended to aid in the physical interpretation of the modes (Haan 1977) . These REOFs were later associated with large-scale climatic processes such as ENSO, which allowed defining the extension of the regions associated with these climatic processes. Details of this analysis can be found in Appendix G of the Supplementary Material. In order to determine if there is a coupling in some parts of the region between P and Tavg, we performed a CCA. The CCA consists of pairs of scores representing the variability of both types of datasets used in the analysis. Those pairs are ordered from highest to lowest intercorrelation.
The third part of the climate variability analysis consisted on a correlation between the highresolution Tavg and P datasets with five different climate indices. These indices quantify different climate and ocean phenomena, and their correlation with Tavg and P is a way to assess the influence that these phenomena have on the climate of Central America. The indices used were ENSO, The Tropical North Atlantic (TNA), The Caribbean Low Level Jet (CLLJ), The Pacific Decadal Oscillation (PDO) and The Atlantic Multidecadal Oscillation (AMO). ENSO, which represents the oceanic-atmospheric conditions in the tropical Pacific, is estimated as the monthly sea surface temperature anomalies (SSTa) averaged over the region known as Niño3.4 (170°W-120°W, 5°S-5°N ). The data were obtained from Earth System Research Laboratory, Physical Sciences Division of the National Oceanic & Atmospheric Administration (ESRL-PSD-NOAA) at http://www.esrl.noaa.gov/psd/data/ climateindices/list/. The TNA index, which represents the SST variability in the tropical Atlantic ) is calculated with monthly SSTa data averaged over the region 15°W-57.5°W, 5.5°N-23.5°N obtained from ESRL-PSD-NOAA. The CLLJ index (Amador 1998 (Amador , 2008 , which represents the strength of the Trade Winds, consists of a region of about 500 km in width (north-south) with strong zonal winds (with a mean of 13-14 m s −1 ) extending from the western Caribbean to the Lesser Antilles at around 925 hPa. The CLLJ was obtained from and consistently with Amador (1998 Amador ( , 2008 , the index was composed by averaging the zonal wind speed at 925 hPa from the NCEP/NCAR reanalysis over the region bounded by coordinates 75°W-85°W, 7.5°N-12.5°N. The PDO index (1948 , which consists of the first principal component of monthly SST in the North Pacific, was obtained from ESRL-PSD-NOAA. The AMO (Enfield et al. 2001) , which represents the smoothed SST variations in the North Atlantic, was also obtained from ESRL-PSD-NOAA. Alternatively, we included two composed indexes constructed using the difference and summation of the ENSO and TNA standardized index, as these indexes are known to be correlated with P and Tavg respectively in large parts of the region (Maldonado and Alfaro 2011; Maldonado et al. 2013; Enfield and Alfaro 1999) .
Climate projections using historical datasets
A climate change application regarding the use of the P and Tavg high-resolution historical datasets in statistical downscaling is presented briefly. Monthly precipitation and average temperature projections (1979 to 2049) from fourteen General Circulation Model (GCM) runs from seven different models listed in Table S5 were used in a statistical downscaling procedure to produce estimates of these variables at~5 km resolution. The runs were selected from a pool of 107 runs from 48 models, by considering those ranked in top positions regarding their skill to reproduce basic regional climatological aspects, as shown in . The statistical downscaling procedure to generate the future climate requires the historical high resolution Tavg and P datasets, and this is one of the reasons why a Tavg was needed to be produced. The statistical downscaling procedure is a modification of the Bias Correction and Spatial Disaggregation (BCSD) procedure (Wood et al. 2004) . Details on the procedure can be found in Appendix J.
Results
Climatologies of Tavg and P
The climatological values of the high resolution Tavg and P datasets for January and July are shown in Fig. 1 . As expected, the resulting Tavg patterns are strongly influenced by elevation, although other factors such as distance to the coast may be also playing a role. The datasets also capture other realistic features. For example, seasonal Tavg contrasts are more accentuated ). The period of the data is in the northern regions (higher latitudes) than in the southern regions (lower latitudes). This is particularly true for the continental regions in Guatemala. In the case of the P dataset, it captures realistically the seasonal contrasts over the year, in particular there is a skill in reproducing the differences between the Caribbean and Pacific slopes. The drier areas of the Central American Dry Corridor , a region of relatively drier climatological conditions covering most of the Pacific slope of Guatemala, Honduras, El Salvador, Nicaragua and the north Pacific coast of Costa Rica can be identified in the precipitation normal patterns. Contrary to Tavg, the P patterns were not constructed based on topographic aspects and they do not present a marked elevation influence for all months of the year.
Trends in Tavg and P
Trends in annual Tavg were more consistent and statistically significant than trends in annual P (Fig. 2) . Our results show that there are vast areas of the region that show significant Tavg trends (Fig. 2) . Central America is warming up significantly in most of Guatemala, El Salvador and southern Mexico (northern part of the region), and also in a large part of Costa Rica and the Caribbean coast of Nicaragua. There are significant cooling trends in parts of Honduras and Panama. Notice that although the climatologies shown in Fig. 1 are influenced by topography, the Tavg trending patterns present less spatial heterogeneity and are not so much modulated by elevation.
Trends in P were generally non-significant. This lack of consistently strong P trends has been mentioned in other studies (Aguilar et al. 2005; Alexander et al. 2006 ). The P dataset suggests positive trends in the southern Caribbean coast of Costa Rica and smaller (but significant) positive trends in Guatemala, El Salvador and Panama. Drying trends are found mainly in the Central Pacific slope of Costa Rica and in a small part in the middle of Panama.
Correlations of Tavg and P datasets with climatic indices
Consistently with previous studies (e.g. Waylen et al. 1996; Alfaro 2007b; Alfaro 2014) , the ENSO signal in P is present in the Pacific slope of Central America (Fig. 3a) , which results in drier (wetter) conditions during the warm (cold) phase of ENSO. The influence of this climatic feature is also widespread in Tavg across Central America (Fig. 3b) . Similar results were obtained for TNA, as it correlates significantly with P in a large portion of the region (Fig. 3c) , especially in the northern part (for latitudes above 10 o N approximately), meaning that the northern part has a different Atlantic precipitation teleconnection than the southern part. Tavg is also significantly correlated with TNA, especially for latitudes north of the border between Costa Rica and Panama (Fig. 3d) . It has been found in other studies that an index consisting of calculating the difference between the standardized values of ENSO indexes and TNA is a better predictor of precipitation in the region (Maldonado and Alfaro 2011; Maldonado et al. 2013; Enfield and Alfaro 1999) . In fact, the ENSO index Niño3.4 is highly correlated with P in most of the region (Fig. 3e and Appendix F in Supplementary Material), suggesting that the SSTa contrast between the Pacific and the Caribbean/Atlantic is an excellent indicator of P in the region (see Appendix F in Supplementary Material). Conversely, the summation of the Niño3.4 index and TNA is highly correlated with Tavg in most of Central America, as it is seen in Fig. 3f and in the Supplementary Material. The CLLJ index presents significant correlations with most of the precipitation in the Pacific Coast of Central America, but presents weak correlations with Tavg. AMO presents strong and significant correlations with the first REOF of P and Tavg (Table S4 , Supplementary Material), suggesting a multidecadal influence in the region. The PDO is also correlated significantly with one of the first three modes of P and Tavg, meaning that there is also a discernible effect on the climate variability of the region associated with this large-scale mechanism (Table S4 , Supplementary Material).
Rotated empirical orthogonal functions (REOFs)
The REOFs analysis resulted in patterns difficult to attribute to a single large-scale process such as ENSO, AMO, PDO, CLLJ, TNA, or any one of the combined indexes (Table S4 , Supplementary Material). For this reason, a CCA of the combined effects of P and Tavg is presented in the following sub-section, with the purpose of determining if the precursors of variability and trends can be identified more clearly. −1 (top) and precipitation in mm yr.
−1 (bottom). Only significant trends at the p = 0.05 level are shown (as colored regions)
Common precipitation and temperature signals
In the same way as for REOF analysis, the resulting time series from the CCA called Bscoresĉ an be correlated back to the original gridded P and Tavg time-series to produce Bloadings maps^( Figure S7 ). These loading maps are useful for determining the area of influence of each canonical pair, and therefore indicate which region of P is correlated with which region of Tavg, and additionally identifying the region of influence of the indexes with P and Tavg. The scores of the first three CCA modes are shown in Figure S8 of the Supplementary Material. The first canonical pair has a Spearman inter-correlation of r = 0.82 (p < 0.01), representing trends in P and Tavg (Figures S7 and S8) . The second canonical pair has an inter-correlation of 0.54 (p < 0.01). The annual Niño3.4 (the ENSO index) is correlated significantly with the second mode of P (0.72, p < 0.01) and with Tavg (0.56, p < 0.01), suggesting that this CCA mode represents the common variability associated with ENSO. The CCA then allows us to better differentiate the ENSO signal from other sources of variability and also from trends than the individual REOF analysis. The P scores for the first mode are also significantly correlated with the PDO (r = 0.43, p < 0.01), and the Tavg scores are also significant correlated with this index (r = 0.55, p < 0.01). This is not surprising, as ENSO and PDO could be considered part of the same mechanism (Polade et al. 2013) and are significantly correlated (Table S2 of the Supplementary Material). The third mode has non-significant inter-correlation between the P and Tavg scores.
Climate change projections at mid-century
Precipitation and average temperature mean annual differences between a mid-century (2029-2049) and a baseline climate scenario are presented in Fig. 4 . The projected change in P suggests future drier conditions compared to the baseline scenario in the northern part of Central America and wetter conditions in the southern country of Panama. This pattern is consistent with a future southward displacement of the Inter-Tropical Convergence Zone (ITCZ) mentioned in other studies as a possible signature of climate change in the region (Rauscher et al. 2011; Hidalgo et al. 2013 ). The ITCZ is a region of high precipitation at the convergence of trade winds from the north and south hemispheres and it is a major contribution to the availability of moisture during the wet season in Central America. Large areas corresponding to the dry and wet differences in the north and south are significant at the p = 0.05 level (Fig. 4a  and b) . The warming projections at mid-century are significant throughout the region, for both representative concentration pathways (rcps) selected ( Fig. 4c and d) .
Discussion
There is a natural response of temperature with elevation, usually identified as the Benvironmental lapse rate^(between 6.5-10°C km
−1
). PRISM-like methods use variable lapse rates for each location generally between this range, which resulted in realistic monthly Tavg patterns. Precipitation spatial distribution responds more to the slope position relative to the wind, distance to the coast, local topography, and other remote drivers like the ones explained in .
The warming in the northern part of Central America, in particular in the Pacific coast, is consistent with other studies. The 1982 The -2005 trends are shown in Hidalgo et al. (2013 ) using CAMS data. The 1970 warming trends in the northern and southern parts of Central America are also present in the CAMS dataset and in the CRUTEMP2 dataset. The cooling trends in Honduras are also partially captured by the TEMP2 dataset (not shown). Interestingly, the data from the NCEP/NCAR reanalysis only show significant Tavg trends ) in a few grid-points of Central America. The ultimate reasons behind the lack of strong trends in the NCEP/NCAR reanalysis are unknown, but there could be related to spatial smoothing effects that may be affecting the trends, as the resolution of the reanalysis (around 1.89 degrees) is relatively coarse compared to the size of Central America. Note that a similar analysis that was performed using the 0.5-degree CRUTEMP2 dataset has some resemblance or consistency to this study (not shown). However, the novelty of this study is the detail features of the results, which can be obtained only when high-resolution data are available, which is particularly useful for identifying impacts at the fine scale.
Annual trends for precipitation were usually non-significant, in the datasets analyzed. This pattern is very common in Central America since most of the variability of the precipitation time series is allocated at interannual scales rather than in long-term trends Hidalgo León et al. 2015) . Non-significant 1970-1999 trends for Central America are also widespread in the CHEN and the NCEP/NCAR reanalysis P dataset (not shown). This latter dataset only showed significant drying trends in southern Pacific coast of Costa Rica (not shown). Even with no significant changes in precipitation, warming trends in the region can still have severe consequences in the hydrology of the region, as increases in evapotranspiration can produce significant reductions in runoff and water availability (Hidalgo et al. 2013) . The contrast in SST between the Pacific and Atlantic Ocean as a good indicator of precipitation in most of the Central American region was suggested by Maldonado and Alfaro (2011); Maldonado et al. (2013) and Enfield and Alfaro (1999) who attributed the correlations between SSTs and P to the strengthening or weakening of the trade winds. The strength of the rainfall response appears to depend on how SSTa in the tropical Atlantic and eastern Pacific combine. The strongest P response occurs when the tropical Atlantic is in the configuration of a meridional dipole (anti-symmetric across the ITCZ) and the eastern tropical Pacific is of opposite sign to the tropical North Atlantic. When the tropical North Atlantic and tropical Pacific are of the same sign, the rainfall response is weaker, but the Tavg response is highly significant. Warmer (cooler) TNA along with a cooler (warmer) ENSO conditions are normally associated with weaker (stronger) trade winds across Central America (Enfield and Alfaro 1999) . In fact, the difference index (Niño3.4 -TNA) is highly correlated with the CLLJ (r = −0.74, p < 0.01), and the index could be considered as an indicator of the strength of the trade winds. A suggestion of a linking mechanism between Pacific and Caribbean climate is found in . This reinforces the notion that not only the equatorial tropical Pacific is important for its influence on Central America's climate, but also the influence of the Caribbean climate plays an important role. For Tavg, the use of an index consisting of the summation of the Niño3.4 and TNA improves the correlations found for the individual indexes, suggesting that the agreement rather than the contrast of SSTa in the Pacific and the Caribbean is a good indicator of Tavg in the region at annual scales (for reference the correlation of the summation index and CLLJ is weak and nonsignificant). Inter-correlation between the indexes is shown in table S2. Our results shows the highly significant predictability of the sign of annual P when the signs of the Pacific and Caribbean standardized SSTa differ, and a highly significant predictability of the sign of annual Tavg when they coincide (see Appendix F, Supplementary Material). The use of the information of the contrast between Pacific and Caribbean SSTa to predict seasonal precipitation has been studied before (e.g. Maldonado et al. 2013; Alfaro 2007b ), but there are almost no studies linking temperature with this contrast (e.g. Alfaro 2007a; Alfaro 2000; Fallas-Lopéz and Alfaro 2014). Knowing which indexes modulate better temperature and precipitation could improve the outlooks (climate perspectives) of these variables and also the decision-making processes at different time and spatial scales.
The climate projections for Central America depict a significantly drier northern region and a wetter southern region at mid-century. This could aggravate the socioeconomic north-south differences in the future, as shown in Hidalgo and Alfaro (2012) .
Conclusions
The analysis of the 1970-1999 climate variability of high-resolution P and Tavg datasets allowed us to identify large-scale atmospheric and oceanic signals in the data. This helped to understand various aspects of climatic variability with more spatial precision. This is particularly important in a region of complex topography such as the Central American isthmus. In addition, the annual results found here suggest the possibility of producing higher-resolution seasonal forecasts that are based on these large-scale climate precursors (e.g. Alfaro 2007a Alfaro , 2007b Maldonado and Alfaro 2011; Maldonado et al. 2013; Alfaro 2014; Fallas-López and Alfaro 2014) or to use the P and Tavg datasets to produce hydrological indexes to improve forecasts by including the hydrological Bmemory^of the land surface, with direct applications to the Regional Climate Outlook Forums in Central America (Donoso and Ramirez 2001; García-Solera and Ramírez 2012) . The high-resolution Tavg dataset allowed a better characterization of the spatial patterns of annual trends in the region, and point to a widespread warming of Central America, with the exception of a few smaller areas that actually experienced cooling. The CCA analysis of the combined effect of P and Tavg allowed a better identification of the trending patterns and ENSO influence on the climate of Central America.
The contrast or the agreement of the Pacific and Caribbean/Atlantic oceans at annual time scales is an excellent indicator of P and Tavg over vast regions of Central America. Depending whether the oceanic masses present opposite or same sign anomalies there is the possibility of inferring the sign of the P or Tavg annual anomalies respectively.
There are many applications of the Tavg dataset produced here. One of the main aims in climate change studies is the quantification of observed trends and projections of hydrological variables (for example using General Circulation Models), with the purpose of detection (and attribution) of climate change, and of studies to estimate the climate change impacts in diverse sectors. For this, Tavg datasets are key as the meteorological P data alone is not sufficient to perform these studies. This is the case because the hydrological variables (such as runoff, soil moisture, evapotranspiration) are non-linearly related to P and also depend on temperature. The hydrological data (runoff, soil moisture, evapotranspiration) are also the basic variables needed to produce the climate change impact assessments in sectors such as hydropower, agriculture, social-economic, and others. In this sense, the high-resolution temperature dataset can be used as a complementary data to the CHIRPs precipitation dataset in climate change studies. In terms of projections, the dataset can also serve as the base historical data for statistical downscaling of General Circulation models (e.g. Wood et al. 2004; Maurer and Hidalgo 2008; Maurer et al. 2010) , as it was shown in this study.
